Abstract-The main goal of stereoscopy algorithms is the calculation of the disparity map between two frames corresponding to the same scene, and captured simultaneously by two different cameras. The different position (disparity) where common scene points are projected in both camera sensors can be used to calculate the depth of the scene point. Many algorithms calculate the disparity of corresponding points in both frames relying on the existence of similar textured areas around the pixels to be analyzed. Unfortunately, real images present large areas with low texture, which hinder the calculation of the disparity map. In this paper we present a method that employs a set of local textures to build a classifier that is able to select reliable pixels where the disparity can be accurately calculated, improving the precision of the scene map obtained by the stereoscopic technique.
INTRODUCTION
Correspondence methods are able to extract tridimensional information from a scene using stereoscopic vision. They are based on finding similar pixels, or regions, containing similar visual information in the left and right images acquired by the stereoscopic system. Different approaches to solve the correspondence problem have been proposed in the past two decades. Nevertheless, the wide range of applications where the correspondence must be employed, together with the new challenges imposed by these applications, makes necessary the development of new approaches to the correspondence problem. The main challenges that the development of algorithms for finding stereo correspondence faces nowadays are: support for high definition outdoor images, with the possibility of continuous radiometric changes and low textured regions; high disparity ranges; real time execution and high accuracy results. Furthermore, power consumption is other important topic in this kind of techniques as they must be run on mobile devices in many cases. Thus, depending on the target application that will use the stereo vision technic, the best compromise between the previous restrictions should be assessed, since no current algorithm accomplishes all the restrictions simultaneously [1] .
Although many different algorithms of stereo correspondence have been developed, it is possible to distinguish common processes among them [2] . A pre-process stage aligns and rectifies both left and right images in order to facilitate the subsequent processing. In addition, a smoothing filter is applied to reduce noise. Then, a first stage computes the matching cost, where a measure of the similarity between two pixels is found. It is computed by means of a cost function using parametric or non-parametric measures. A second stage aggregates the matching costs over a support region. This stage extracts information about the neighborhood of the anchor pixel (central pixel of the support region) and calculates and aggregates matching costs, so that a more reliable measure is attained. A third stage calculates the disparity map by means of a local or a global optimization method. In a last stage, the disparity map is refined.
Many stereo vision correspondence algorithms using the previous framework have been proposed by the computer vision community. They can be classified into two categories attending to the implemented optimization method: local and global algorithms [2] . Global algorithms show better results in terms of accuracy. Unfortunately, they are time and resources consuming and, in most cases, do not attain real time execution. On the other hand, local algorithms bring worse results related to accuracy, but their processing time is shorter. Recently, new investigations have been carried out to devise more robust cost functions [3] [4] [5] and adaptable aggregation technics [6, 7] that allow local algorithms to obtain accurate results comparable to those obtained by using global algorithms, and to achieve real time image processing when they are implemented in hardware (FPGA devices).
As previously mentioned, management of low textured regions is a challenge. Fig. 1 shows a real scene where low textured pixels are present in several zones (road, frontal house wall, roofs, etc.). When a standard disparity calculation technique is applied to both left and right frames taken from this scene the resulting disparity map contains many wrong values.
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